Representing User Navigation in XML Retrieval with Structural Summaries by Ali, M. S. et al.
u n i ve r s i t y  o f  co pe n h ag e n  
Københavns Universitet
Representing User Navigation in XML Retrieval with Structural Summaries
Ali, M. S.; Consens, Mariano P.; Larsen, Birger
DOI:
10.1007/978-3-642-00958-7_73
Publication date:
2009
Document version
Publisher's PDF, also known as Version of record
Citation for published version (APA):
Ali, M. S., Consens, M. P., & Larsen, B. (2009). Representing User Navigation in XML Retrieval with Structural
Summaries. Paper presented at European Conference on IR Research, Toulouse, France.
https://doi.org/10.1007/978-3-642-00958-7_73
Download date: 02. Feb. 2020
Representing User Navigation in XML Retrieval with 
St t l S iruc ura ummar es
S 1 C 1 & 2M Ali Mariano P onsens Birger Larsen. . ,  .   
1University of Toronto Canada 2Royal School of Library and Information Science Denmark  , ,       , 
INTRODUCTION RESULTSSTRUCTURAL SUMMARY MODELSSUMMARY
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